FTHRETH
20057 H

Vol.27No.7
Jul. 2005

7 B F B ¥ #t

Journal of Electronics & Information Technology

EF Rough EAREZMP X KBS RRE

BEktE AL SE
(,%ift‘-k’:?—k‘?’i%ﬂ"ﬁ;"%gi;%i jb:“j\’: 100084)

(Y EAHFRAHCARAAEXRABRELERE ¥ 100080)

i E: RARNXAASSERELTF XM BHME, MEBWSEE XA AR EIRAE N . XA RS &E LT
HEZEHOI%, WEEHEXK FLEFEXMRHITAE. MEAOETREMRETEEFESEEEERE
K, BRASEKMETRE, ZI0HE Rough HERSIANGHFE, HFRE T —FFHAXREAEAREE., TRIFHZER
AEEH R E SR T B, 10 B A L S REEE B RN, WlEEE.

XEE: B3192, Rough £, kX, AWES

HESHES. TP39I SRRARIRED: A WEHS: 1009-5896(2005)07-1047-06

Automatic Classification of Chinese Documents Based on
Rough Set and Improved Quick-Reduce Algorithm

Sheng Xiao-wei Jiang Ming-hu
(Lab of Computational Linguistics, Dept of Chinese Language, Tsinghua University, Beijing 100084, China)
(State Key Lab of Pattern Recognition, Institute of Automation, Chinese Academy of Sciences, Beijing 100080, China)

Abstract Much of the previous automatic Text Classification (TC) methods are closely connected with the construction
of document vectors. With each term corresponding to a unit in the vector, this method maps the document vectors into a
very high dimensional space, possibly of tens of thousands of dimension, which results in a massive amount of calculation.
Since the traditional algorithms based on frequency and threshold filtering may often lead to the loss of effective
information, this paper presents a new system for TC, which introduces rough set theory that can greatly reduce the
document vector dimensions by reduction algorithm. The empirical results prove to be very successful, for it can not only

effectively reduce the dimensional space, but also reach higher accuracy while losing less information compared with usual

reduction methods.
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