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A NEW COMPETITIVE LEARNING ALGORITHM FOR
CLUSTERING ANALYSIS

Wei Limei Xie Weixin*
(Lab 202, School of Electronic Engineering, Xidian University, Xi’an 710071)
*(President Office, Shenzhen University, Shenzhen 518060)
Abstract Based on the analysis of the defect of the RPCL, a new competitive learning
algorithm is proposed. In the new algorithm the data density is introduced, and the modification
of the weights is taken into account to surmount the defect of the RPCL. It is shown by the
theoretical analysis and experimental results that the new algorithm can automatically select

the appropriate number of the clusters in a data set, and improve the clustering accuracy and
convergence speed.
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