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Combination of Acoustic Models Trained from Different

Unit Sets for Chinese Continuous Speech Recognition

Zhang Hui Du Li-min
(SITR, Institute of Acoustics, Chinese Academy of Sciences, Beijing 100080, China)

Abstract Combination of acoustic models trained from different unit sets is studied in this paper. For Chinese continuous
speech recognition, Prevailing unit sets include context-dependent initial-final unit set and context-dependent phone unit
set. Through experiments it is discovered that some Chinese syllables have higher recognition rates under initial-final
model while some have higher recognition rates under phone model. In this paper, a method is proposed to combine these
two acoustic models. On one hand the two acoustic models can be fully utilized during the recognition process; on the
other hand, some models that lead to low recognition rate will not be used. Experiments show that in comparison with
initial-final model and phone model, syllable error rate is reduced by 9.60% and 6.10% respectively after using the
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provided method.
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BEI {b, ei} {p, e, I} 91.89 90.99
BIN {b, in} {p, i, i, n} 72.35 53.25
QIONG {q, iong} {ts/_h, j, O, ng} -22.22 82.22
SHUI {sh, ui} {s, wel} 81.28 70.58
WEI { u, uei} {w, e, I} 61.74 78.87
YUE { v, ve} {H, e_o} 44.82 67.55
ZHAO {zh, ao} {ts’, A, U} 81.81 80.21
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