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PATTERN RECOGNITION FOR THE CLASSIFICATION OF
RAMAN SPECTROSCOPY SIGNALS
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Abstract This paper presents a study on application of regularized Gaussian classifier to
Raman spectroscopy signals pattern recognition. Each Raman spectrum is treated as a point
in high dimensional vector space. For given samples, the statistical model is used and Bayes de-
cision is adopted to classify then according to their maximum posterior probabilities. Computer
experiments show that the classification accuracy is obtained as high as 99.81%.
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larization, Discriminant analysis
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