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Abstract

After comparing Learning Vector Quantization (LVQ) algorithm and Generalized Learning Vector

Quantization (GLVQ) algorithm, this paper establishes a GLVQ-based classification model for remote sensing image.
With the experimental applications of land-over classification with the presented model, the GLVQ classifier has higher
recognition rate, faster convergence speed and wider adaption range than conventional classifier and LVQ classifier.
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Tab.1 The description of training datasets and testing datasets
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Tab.2 Comparison of three classifiers performance

Kappa %41 EMRREE (%)
MLC 0.852 86.80
LVQ 0.840 86.78
GLVQ 0.880 90.50
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Tab.3 Comparison of classifier’s accuracy(%)
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GLVQ 96 92 89 85 86 91
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Tab. 4 Performance under different initialization and o,
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