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Abstract: Canonical Correlation Analysis (CCA) is a classic multi-modal feature learning method, which can
learn low-dimensional features with the maximum correlation from different modalities. However, it is difficult
for CCA to find the nonlinear manifold structures hidden in the sample spaces. This paper proposes a multi-
modal feature learning method based on geodesic manifolds, namely Geodesic Locality Canonical Correlation
Analysis (GeoLCCA).The geodesic distances are used to construct the geodesic scatters of low-dimensional
correlation features, and the nonlinear correlation features with better discriminative power are learned by
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only analyzes the proposed method in theory, but also verifies the effective of the proposed method on the real-
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