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Abstract: There are some limitations in the existing metric methods for measuring node influence. A
measurement method of node influence with three-level neighbors is proposed, which is based on the principle of
three-degree influence, and considering the appropriate level of local measurement and the scalability of the
large-scale network. Firstly, the neighbors with propagation attenuation characteristics in the second and third
level of a node are regarded as a whole, which is used to measure the influence of the node. Then, an algorithm
for measure called Three-level Influence Measurement (TIM) is proposed. Finally, in order to validate the
effectiveness of the algorithm, the experiments on three datasets are conducted by using susceptible-infected-
recovered model and independent cascade model. The experimental results show that the proposed algorithm is

superior in consistency of influence, discrimination, sorting performance and other evaluation indexes.

Furthermore, the TIM is applied to effectively solve the problem of maximizing influence.
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