5 427 53 3 BT 5 fF B % ik Vol. 42No. 3
20204E3 H Journal of Electronics & Information Technology Mar. 2020

ETF5atF SIsGMR Y] EETUM K I REiT 550

B = # M it d T AT,
(ERE G X FiBE 5 ETAEFR FKR  400065)
(ERup XK FHHEEEETHRET FHR 400065)

1 E: EXISGMZEY) R B TS5 SR BN PE SRS MRS N 2% D B8 (VNF ) IE B R AL 0, 250 E el T2
B B JRA] 2R Y I 2 (CMDP) B LA AR AL LA SE B 22 8 A R % Th R B (SFC) sl AR, 128 DL sse/MbsdE
M55 35~ F 35T RERE N H AR, RIS Z IR T %V R P38 A 2030 US54 7 B SR IRV FEL00R . R, T 3
PR AR A ASE 2R e af DL HE B AR R GOIRAS B SR A A 113 K i) /8, %S4 T — e B T i Ak 2% ST HEZR 1)
VNFH REIERS % S HE, 2 FVEIR B AN E N4 (ONN) KT RMT AR R, AT 7E A5 B8 R B B A AR A 24
RYUIRENEEA WY #)5E A& VNFIER S X CPURIR DT T R M EGRR, Frif s dotm
H U QoSTRIFI,  FRAK T HEAtli it i1 3 e

X SGMEY ) BN ThERITRE: R B ED

FESES: TN929.5 XHRFRIRAS: A XEHS: 1009-5896(2020)03-0669-09
DOIL: 10.11999/JEIT190290

Virtual Network Function Migration Algorithm Based on Reinforcement
Learning for 5G Network Slicing

TANG Lun ZHOU Yu TAN Qi WEI Yannan CHEN Qianbin

(School of Communication and Information Engineering, Chongqing University of
Post and Telecommunications, Chongging 400065, China)

(Key Laboratory of Mobile Communication Technology, Chongging University of
Post and Telecommunications, Chongging 400065, China)

Abstract: In order to solve the Virtual Network Function (VNF) migration optimization problem caused by the
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based on Constrained Markov Decision Process (CMDP) is established to realize the dynamic deployment of
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