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CHEN Ying CHEN Huangkang

(Key Laboratory of Advanced Process Control for Light Industry (Ministry of Education),
Jiangnan University, Wuzi 214122, China)

Abstract: In order to explore the correlation between face and audio in the field of speaker recognition, a novel
multimodal Generative Adversarial Network (GAN) is designed to map face features and audio features to a
more closely connected common space. Then the Triplet-loss is used to constrain further the relationship
between the two modals, with which the intra-class distance of the two modals is narrowed, and the inter-class
distance of the two modals is extended. Finally, the cosine distance of the common space features of the two
modals is calculated to judge whether the face and the voice are matched, and Softmax is used to recognize the

speaker identity. Experimental results show that this method can effectively improve the accuracy of speaker
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recognition.
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