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Abstract: Within the evolution and development of social networks, the establishment of relationships among the
users is affected by various factors. By analyzing user behavior data and relationship data in social network, this
study tries to detect the key factors that affect the formation of relationship among users. Firstly, considering the
complex driving factors for the user relationship establishment, the factors are extracted and the impact factor
functions are defined from personal attributes, friendships and community driving. Secondly, in order to quantify
driving factors and assign weight, a user relationship analysis model based on the principle of maximum entropy is
proposed. The model is, when choosing features, characterized by its independence from the association among
features, and can also quantify the strength of various factors that drive users to establish relationship.
Furthermore, the key factors that affect the user relationship can be detected and the development trend of user
relationship can be analyzed. Experimental results reveal that the proposal model can not only quantify the
strength of each factor that drives relationship establishment, it can also predict the user relationship effectively.
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