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Abstract: Many enterprises try to promote their products in online social network since information propagation in
this network have several advantages such as fast transmission speed, low marketing costs, and large influence area.
However, it is a challenging task for enterprises to select suitable seed nodes to publish marketing information so
that marketing information can influence or cover most users under a given cost and realize performance
maximization. By means of literature search and review, this paper systematically summarizes information
propagation models in social marketing, introduces algorithms for social marketing performance maximization

problem with respect to network topology, user historical data, compete and non-compete condition. Finally, this
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paper concludes an exploration of future directions of this research filed.
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