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A Heuristic Adaptive-order Intuitionistic Fuzzy
Time Series Forecasting Model
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Abstract: Considering that the existing high-order models have limitations in forecast range and accuracy, a
heuristic adaptive-order intuitionistic fuzzy time series forecasting model is built with the combination of the
intuitionistic fuzzy sets theory. In this model, a direct fuzzy clustering algorithm is used to partition the universe
of discourse into unequal intervals. The traditional method of ascertaining the membership and non-membership
functions of intuitionistic fuzzy set are also modified to fit the intuitionistic fuzzy time series data. On these basis,
variable high-order forecasting rules are established and the prior knowledge of tendency is used in defuzzification
to extend the forecasting range. At last, contrast experiments on the enrollments of the University of Alabama and
the daily average temperature of Beijing are carried out. The results show that the new model has a clear
advantage of improving the forecast accuracy.
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