% 38 Lif 8 1
2016 4= 8 H

BT 5 fF B ¥ M

Journal of Electronics & Information Technology

£ F RankClus HEEBIH AR HEEDNIZHE

'fé'\ %@@ ﬁ E_Jz,*@ )5 §i®®
b BRAMKR T EAAEEH AL RE 300300)
P B RAE BHAARE  RE 300300)

. WRAHZIEEOR T DB H S A A B TR T (BN B S T4 %)z
o AFEE o BT SR B G290 15 20 i AR R 2 BT = A 854, S REASE R i) SO 2
AR iz i) ) —Fh 7 vk I VG SAZ I, RN SR JE DG 3) 28 28 R B h R AT R 5 2 UGS SR G 82505 . h
IR H T — R T RankClus SR SHZIR 725, K hlmnide H G TG 30 R K 5 s oo v AR S &, T
M5 T 5 BRAR 35 ) SR SRR . SI0 45 IR W, RankClus 7528l R R H B R— 8t 5 )i A H &R
FEBITUREUR Y, (AfEE iR LB BT I AR H R AR
KRR WFESHE; EAIISHE; RankClus; BRiEEEK

FESHES: TP391 SCERFRIRES: A

DOI: 10.11999/JEIT151137

XE4HRES: 1009-5896(2016)08-2033-07

Activity Mining for Airport Event Logs Based on RankClus Algorithm

XU Tao™  MENG Ye” LU Min™®

@D(College of Computer Science and Technology, Civil Aviation University of China, Tianjin 300300, China)

®(Information Technology Research Base of Civil Aviation Administration of China, Tiangin 300300, China)

Abstract: Process mining is a technology which can extract non-trivial and useful information from airport event
logs. However, the airport event logs are always on a detailed level of abstraction, which may not be in line with the
expected abstract level of an analyst. Process models generated by these event logs are always spaghetti-like and
too hard to comprehend. An approach to overcome this issue is to group low-level events into clusters, which
represent the execution of a higher-level activity in the process model. Therefore, this paper presents a new activity
mining method which is based on RankClus algorithm to generate activity clusters integrated with ranking. On
this basis, the activity-clustered model which is easier to comprehend can be constructed. The experiment results

show that this activity-clustered model, which shares a similar level of conformance with the meta model, is
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significantly less complex.
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