5538 4558 T W T 5 fF R Vol.38No.7
2016 4= 7 A Journal of Electronics & Information Technology Jul. 2016
=N = -\ 1A h 3 2N oo
Z el ERE TET NI ErRLIE Y IRIE OMP FIA R
FVET O BE O FE LRz
(ZEMEFR=% KX 430019)
H E. HurZ EWHE(Multiple Measurement Vectors, MMV )84 () Fi i B4 BIEAFAE I TR 8, THELE IR

e R A 1) S P SR AT TR I TRVE R B . S RIS 3 s MMV B2 ) FR) SR 2 R R RS 1, i scde th— A
MMV #EHER 36 U138 56 ) e 1 A2 DU RCIE i (Fast Orthogonal Matching Pursuit based on Bayesian Testing,
FOMP-BT)&. B5E, id#a T4EM warm start KI5 (1) AR/ 50025 G RS AR L B 5 DOk AR is
&, DMREEEIERSE, ok, R DU 50 i ARG SR O R SO AR DR s SRS S s S a0 TR R I ik
NS EEFE KA G A EE T THAT T B0 Ui g RR W, PritFk B AR s PR DL Rk g
BT 1 E S

KR M ERE, PREIEAS VLGB R RS, DU

hE S ES: TNIST.52 XERFRIRAD: A XEHS: 1009-5896(2016)07-1731-07
DOI: 10.11999/JEIT151131

Fast OMP Algorithm Based on Bayesian Test for
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Abstract: There are two issues in the Sparse Reconstruction (SR) algorithm of Multiple Measurement Vectors
(MMYV). One is the high computation complexity and the other is that redundant support set can not be effectively
removed. In order to improve the efficiency and accuracy of SR algorithm simultaneously for MMV model, a Fast
Orthogonal Matching Pursuit algorithm based on Bayesian Test (FOMP-BT) is presented in this paper. Firstly,
the total number of iterations and the computation of each iteration are reduced through the new atomic group
selection and warm start matrix inversion, thus the efficiency of the algorithm is improved. Secondly, using the
idea of the Bayesian test to eliminate redundant support set, the accuracy of reconstruction is improved. Finally,
the theoretical analysis of the algorithm is carried out from the aspects of parameter selection and computation
complexity. The simulation results show that the proposed algorithm has the advantages of high accuracy, fast
speed and good robustness to noise.
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