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Abstract: Range migration is the basic and troublesome problem in moving target detection for wideband radar. To
solve this problem, a detection algorithm of moving targets based on joint-sparse recovery is proposed for wideband
radar. Firstly, a prewhitening processing is performed to filter the clutter. Then, a jointly row sparse representation
of the wideband signals is derived in frequency/slow-time domain, thus the detection problem is solved via

joint-sparse recovery. Finally, by using the inverse Fourier transform, the estimation of the targets scenario is
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achieved. Numerical results are presented to demonstrate the effectiveness of the proposed algorithm.
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