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Abstract: The type and scale of data has been promoted with a hitherto unknown speed by the emerging services
including cloud computing, health care, street view services recommendation system and so on. However, the surge
in the volume of data may lead to many common problems, such as the representability, reliability and
handlability of data. Therefore, how to effectively handle the relationship between the data and the analysis to
improve the efficiency of classification of the data and establish the data clustering analysis model has become an
academic and business problem, which needs to be solved urgently. A hierarchical clustering method based on
semantic feature is proposed. Firstly, the data should be trained according to the semantic features of data, and
then is used the training result to process hierarchical clustering in each subset; finally, the density center point is
produced. This method can improve the efficiency and accuracy of data clustering. This algorithm is of low

complexity about sampling, high accuracy of data analysis and good judgment. Furthermore, the algorithm is easy
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to realize.
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