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Abstract: For Inverse Synthetic Aperture Radar (ISAR) autofocus imaging, this paper proposes a high-resolution
imaging method based on Bayesian Compressed Sensing (BCS). Firstly, according to the sparsity characteristics of
target image, a sparse model with the hierarchical framework is established, which can achieve better
approximation to the original [, norm. Then, the phase errors are assumed to obey the uniform distribution. Next,
following the criterion of Maximum A Posteriori (MAP), target image and phase errors are solved using alternate
iteration based on BCS theory. Compared with traditional methods, the proposed method further combines the
joint sparse information of target image, and converts the ISAR CS imaging into solving a joint Multiple
Measurement Vector (MMV) sparse optimization problem, which can improve both the autofocus precision and the
imaging quality efficiently. Simulation results show the effectiveness of the proposed method.
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