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Abstract: The network traffic measurement and anomaly detection for high-speed IP network become the hotspot
research of network measurement field. Because the current measurement algorithms have large estimation error
for the mice flows and poor performance for the sampling anomaly traffic, an Adaptive Flow sampling algorithm
based on the sampled Packets and force sampling Threshold S (AFPT) is proposed. According to the force
sampling threshold S, the AFPT is able to sample the mice flows which is sensitive to the anomaly traffic, while
adaptive adjustment the probability of sampling based on the sampled packets. The simulation and experimental
results show that the estimation error of AFPT is consistent with the theoretical upper bound, and provide better

performance for the anomaly traffic sampled. The proposed algorithm can effectively improve the accuracy of
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anomaly detection algorithm.
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